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Abstract

With the recent increase in data volume, there is a growing interest in Big Data
technology and there is also a growing interest in techniques to visualize result of big
data processing. The vast majority of people accept visual information more quickly than
text. Therefore, visualization is the important thing to focus on regarding big data
analysis. Therefore, the study examined various visualization methods using an open
source statistical analysis software R program. The study explored a method to configure
data sets and a method to implement various graphs according to visualization method
using R to determine patterns in data and understand the characteristics of data at a
glance through visualization of data. Through this, it was possible to determine
characteristics of data that were not known only through simple regression analysis and
through showing that rather than interpreting data as it is, it could be visualized in
various methods through conversion of data sets, it is expected that it will help users to
make various decisions.
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1. Introduction

Due to the rapid development of Internet, mobile technology, and Internet of things,
the digitalization of industry overall is proceeding at a rapid pace. This change in
industrial environment requires diverse and rapid response such as introduction of new
business models or evolution into the digital age for the survival of companies[1].

According to Forrester Research report, predictive analytics was selected as a Top 10
Big Data technology to lead the next decade. Predictive analysis shows a trend of stable
growth over the next 10 years and has been evaluated as a technology with high business
value. It was evaluated as the best solution that improves business performance through
company evaluation in the market and marketing optimization which also provides
methods to reduce risk. It has been selected as technology that provides the highest
business value as a field providing solutions providing future market forecasting models
through big data analysis[2].

Over the past few decades, the amount of data has increased exponentially in many
forms. This increase in data makes it difficult to find the desired information from the
data[3]. Also, most people accept visual information more quickly than text. Therefore,
the thing to focus on regarding big data analysis using public data is visualization[4].

Sales data is a time series data. Time-series data shows changes over time and is useful
in analyzing trends. A method of visualizing by specific items through grouping cannot be
expressed simply in R program. Therefore, the study examined various visualization
methods using R program, an open source statistical analysis software, including methods
of configuring data sets according to visualization method to help effective and quick
decision-making in users and various visualization methods. Through this, it is possible to
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explore various characteristics of time series data and it can help users make various
decisions.

2. Related Research

With the recent increase in the amount of data, there has been an increase of interest in
big data and people accept visual information more quickly than text. One of the most
popular big data analysis tools is open source based R. R programming language is a
programming language for data analysis and is specialized for statistical processing and
visualization. It provides various statistical model and processing techniques such as
linear and nonlinear modeling, time series analysis, classification, and clustering. It
provides a simple and effective programming language with effective data processing and
storage capabilities, it can easily create charts containing mathematical symbols and
formulas through graphics technology, and it has excellent expandability[5]. Because R is
compatible with other development languages and can process in real time through
linking with the web, it is a useful tool in developing new applications and providing Web
services with economic benefits from cost savings. Open source project for R operates
package distribution repository CRAN (the Comprehensive R Archive Network:
http://cran.r-project.org) so that users can create application packages based on R and two
support free distribution. Over 6000 packages can be downloaded through this and it is
also available on Windows, Mac OS, and Lenox[6].

3. Time Series Data Visualization Method

Visualization of data helps understanding of data. Even if one is not an expert, one can
have insight and make decisions more easily. The visualize data, first, data is obtained,
second, data is transformed into data to be visualized, third, data is visualized, and as a
last step, it is embellished using visualization option.

The data used in the study was two years of data from a restaurant in city center and as
explanatory variable, only environmental factor was considered and sales was predicted
using regression analysis by using newspaper articles, stock quotes, weather information,
and holiday information. The basic statistics used in the experiment are shown in Table 1.

Table 1. Basic Statistic

276000 622000 764000 791800 923200 | 1820000 19

Figure 1 shows the actual data in a linear graph.
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Figure 1. Real Sales Sample Plot
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Figure 2 shows the predicted values obtained by regression analysis as a linear graph.

Estimated revenue

1200000
|

sales

600000 800000

sample

Figure 2. Estimated Revenue Plot

Figure 3 shows the overlapping of two graphs to confirm prediction accuracy.
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Figure 3. Plot for Overlaying the Actual Value and the Predicted Value

It can be seen that the portion where the outlier exists is not well predicted. Figures 1
through 3 can be easily expressed using the plot () function of R.

Figure 4 shows the R script code for overlaying the actual value and the predicted
value. When drawing the chart by adding other data on the chart drawn using Plot ()
function, a series can be added using function point().

Copyright © 2017 SERSC Australia 3



International Journal of Database Theory and Application
Vol.10, No.8 (2017)

predictiid < seq(l, nrow(predict), 1)
ong("Flat.png’)

plot(x = predictiid, y = predictisales, ylab = "sales”, x1ab ="Nunber",type="0", cex = 1, col = "#F0000")
points(x = predictSid, y = predictipred_sales, type = "o", cex =1, col = "#0000FF", peh=d) #

Tegend “topright”, Tegend=c("real sales sanple”, "Estinated revenue"), pch = ¢(20, 20), col = c("red", "blue"))
dev. of ()

Figure 4. R Script Code for Overlaying the Actual Value and the Predicted
Value

Grouping by month and days of the week using aggregate() function to draw the
summarized graph, the data is summarized as shown in Figure 5. The 731 records in (D in
Figure 5 has been summarized into 84 records as shown in 2. This change to the data set
is required to express the graph using ggplot2 package.

week - sales month week - month - x

1 Sat 725000.0 6 10 Fri 10 715800.0
2 Sun  1092000.0 6 1 Fri 11 890000.0
3 Mon 588000.0 6 12 Fri 12 770750.0
4 Tue 495000.0 6 |:> 13 Mon 1 7331250
5 Wed 508000.0 6 14 | Mon 2 7554242
6 Thu 4430000 6 15 Mon 3 8272222
7 Fi 518000.0 0 16 Mon 4 848750.0
8 Sat @ 483000.0 : 17 Mon @ 5 650666.7
9 Sun 974000.0 6
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Figure 5. Change Dataset for Summary Graph

Figure 6 is a flowchart showing data averages by month and days of the week as a
stacked bar graph. By performing average of data by month and days of the week, sales
information by month and days of the week is determined and a technique to look at
monthly sales trend is explored through the visualization process. First, to make
aggregation by groups, when reading time series data, the field with the character values
is read using the 'stringsAsFactors=FALSE’ option to recognize it as a string vector
instead of a factor. The next step is to extract only the fields needed to aggregate by group
the read data to configure as a subset. Because statistical functions cannot be used if
missing values exist in the subset, there needs to be processing on missing values.
Missing value data is replaced by the average of the entire data excluding the missing data.
After loading ‘plyr’ library to use the function for group aggregation, aggregate() function
is used to obtain averages by month and days of the week. After calculating the average
for each group, sorting is done by month and days of the week. ‘ggplot2’ package
necessary for drawing charts is installed, ‘ggplot2’ library is loaded, and visualization is
completed using ‘ggplot’ function.
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Figure 6. Flowchart for Drawing a Summary Graph

Figure 7 shows the cumulative graph of the average of data by month and days of the
week. Through this graph, the monthly earnings trend can be seen at a glance. It can be
seen that there is poor performance between May and August and good performance
between March and April, and October and December.
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Figure 7. Average Cumulative Graph by Summary

Figure 8 arranged side-by-side the stacked bar graph by month and days of the week by
month to visualize it to make it possible to easily determine which days of the week had
good performance by month. Through visualization, it can be easily determined which
days of the week had good performance along with monthly earnings trend.
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Figure 8. Arranged Side-by-side the Stacked Bar Graph

Figure 9 shows the R script code for visualizing the sales average by month and days
of the week. aggregate() function was used to calculate the sales average by month and
days of the week. Among the function arguments, FUN=mean represents using averages
for aggregation by group. Through arrange() function, the results obtained through
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aggregate() was sorted by month and days of the week. To visualize this, ggplot2 package
was used. ggplot is an expanded version of plot which can express data more aesthetically
and with more detail. geo_bar() function is a function to create graphs with bar graphs and
color="white" specifies the border color of the bar. Bar graphs can be drawn side-by-side
using option position="dodge”.

#group by

sales_Info <- read.csv("dst_data_frame.csv",stringsAsFactors = FALSE)

select. column <- c('week’, "sales’, 'month")

sub_data<-subset (sales_Info,select = select.column,Na.rm=TRUE)

#NA

sub_datalsales[is.nalsub_data%sales)]=-mean(sub_data%sales,na.rm = TRUE)#NA
Tibrary(plyr)
agg<-aggregate(sub_datalisales,by=11st (week=sub_datalweek ,month=sub_dataimonth) ,FUN=mean)
#z0rt

agg<-arrange(agg, aggiweek,aggimonth)

install.packages("ggplot2")

Tibrary(ggplot2)

e

plt<-ggplot(agg,aes(x=aggimonth,y=aggix,fil1=aggiweek))

plt+theme_bw()+geom_bar (stat="identity’,colour="white")

+scale_x_discrete("month’,labels=aggimonth)+ylab('sales’)+scale_fill_discrete(name=c("week"))

write.csv(agg, 'agg.csv')

pt<-ggplot(agg,aes (x=agg$imonth,y=aggix,fill=aggiweek))

pt+geom_bar (stat="1dentity",colour="white’,position="dodge")+scale_x_discrete( 'month",labels=aggimonth)
+ylab('sales’)+scale_fill_discrete(name=c("week"))

Figure 9. R Script Code for Summary Visualization

Existing data set cannot be used directly to compare actual and predicted values by
item. By running BarPlot using existing data set, the actual value and the predicted value
are displayed in divided areas as shown in Figure 10. When it is outputted like this, actual
value and predictive value by date cannot be compared. Therefore, the data set must be
changed. The data set data frame must be changed into a matrix, changed to a transposed
matrix, and then change the form back into a matrix. A graph as shown in Figure 10 is
shown when BarPlot is executed with data set shown in (D of Figure 12, and when
BarPlot is executed but transposing to data set shown in @ of Figure 12, it can be
outputted like Figure 11 so that the two items can be compared. To draw the graph, only
10% of the data is extracted and used without using the entire data. Because items can be
compared by date, production results can be seen at a glance.
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Figure 10. Graph before Data Set Change

Figure 11 shows a bar graph to compare actual and predicted values. To express like
Figure 11, the data set must be changed like @ in Figure 12.
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Figure 11. Bar Graph for Comparing Actual and Predicted Values

Figure 12 shows newly processed data set to compare by item as shown in the chart in
Figure 11. @D In Figure 12 shows 10% of data frame changed to matrix and @ of Figure
12 represents checking of the status of data frame before the change into matrix. 3 Of
Figure 12 shows a data set reconfigured into matrix through transposing .

sales

485000.0
508000.0
638000.0
625000.0
609000.0
512000.0
541000.0
714000.0
7018174
528000.0

Vi

pred_sales
615686.3
582533.1
507016.4
750762.5
6545001
6348520
5016220
673700.6
10603123
777816.6

V2

> str{df) @
‘data.frame': 75 obs. of 2 variables:
§ sales © num 495000 508000 689000 625000 668000 ...
§ pred_sales: num 615686 582533 597016 750763 654500 ...
€
V3 V4 Vs V6 V7 V8 Vg V10 Vit

sales 405000.0 508000.0 G80000.0 G625000.0 GG0000.0 512000 541000 7140000 7018174 828000.0 831000.0

pred_sales 615686.3 582533.1

5870104 750762.5 0545001 634882 591022 6737006 10603123 777810.6 7002888

Figure 12. Change Data Set for Bar Graph to Compare Actual and Predicted

Value

Figure 13 shows the R script code for representing the data set configuration and
visualization to compare the actual value with the predicted value after extracting 10% of

the data.
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#bar plot

predict =- read.csv("predict.csv")
predictisales[is.nalpredictisales)]<-mean(predictisales,na.rm = TRUE)
index =- sample(2, nrow(predict), replace = TRUE, prob = (0.9, 0.1))
predict.sample =- predict[index==2,]

#x<-predictix

sales<-predict.sampleisales
pred_sales<-predict.samplefpred_sales

strisales)
df<-data.frame(sales=sales,pred_sales=pred_sales)
str(df)

f<-as.matrix(df)

fet(F#E A EE

f<-as.matrix(f)

barplot(f,main="5ales forecast comparison”,beside=T,col=c("red", "blue"))

Figure 13. R Script Code for Representing the Data Set Configuration and
Visualization

4. Conclusion

The study explored methods of configuring data sets according to visualization method
and implemented various graphs using R to enable seeing the characteristics of data at a
glance through determining patterns through visualization of data. The study was able to
determine characteristics of data that were not seen through simple regression analysis
results, and explored drawing graphs in various method through conversion of data sets
rather than only interpreting data as it is. Therefore, through data set configuration
through visualization method and various visualization methods, the study expects that it
will help effective visualization and user decision-making.
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